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Abstract: A new surrogate-assisted optimization formulation for groundwater remediation design
was developed. A stationary Eulerian travel time model was used in lieu of a conservative solute
transport model. The decision variables of the management model are well locations and their
flow rates. The objective function adjusts the residence time distribution between all pairs of
injection-production wells in the remediation system. This goal is achieved by using the Lorenz
coefficient as an effective metric to rank the relative efficiency of many remediation policies. A discrete
adjoint solver was developed to provide the sensitivity of the objective function with respect to
changes in decision variables. The quality management model was checked with simple solutions
and then applied to hypothetical two- and three-dimensional test problems. The performance of the
simulation-optimization approach was evaluated by comparing the initial and optimal remediation
designs using an advective-dispersive solute transport simulator. This study shows that optimal
designs simultaneously delay solute transport breakthrough at pumping wells and improve the
sweep efficiency leading to smaller cleanup times. Well placement optimization in heterogeneous
porous media was found to be more important than well rate optimization. Additionally, optimal
designs based on two-dimensional models were found to be more optimistic suggesting a direct use of
three-dimensional models in a simulation-optimization framework. The computational budget was
drastically reduced because the proposed surrogate-based quality management model is generally
cheaper than one single solute transport simulation. The introduced model could be used as a
fast, but first-order, approximation method to estimate pump-and-treat capital remediation costs.
The results show that physically based low-fidelity surrogate models are promising computational
approaches to harness the power of quality management models for complex applications with
practical relevance.

Keywords: groundwater remediation; physical heterogeneity; simulation-optimization; surrogate
model; travel time; pump and treat

1. Introduction

Simulation-based optimization (5/O) approaches are increasingly used to support water resources
management, policy analysis, economics and decision-making. They result from a coupling between a
physically based model, such as groundwater flow or solute/energy transport and an optimization
search algorithm [1-4]. The optimization engine iteratively updates decision variables to minimize a
given objective function under a set of equality and inequality constraints to meet a desired policy.
The primary outcome from the management model is a set of optimally designed variables, such
as external stresses and the corresponding value of the objective function. Practical engineering
applications of mathematical groundwater management models include a pump-and-treat (P&T)
systems design [5-11], sustainable coastal aquifer management [12-14], planning of surface and
groundwater supply systems [15,16], the identification of unknown pollution sources [17,18],

Water 2019, 11, 2233; d0i:10.3390/w11112233 www.mdpi.com/journal/water


http://www.mdpi.com/journal/water
http://www.mdpi.com
http://dx.doi.org/10.3390/w11112233
http://www.mdpi.com/journal/water
https://www.mdpi.com/2073-4441/11/11/2233?type=check_update&version=2

Water 2019, 11, 2233 2 of 22

geothermal reservoir engineering [19,20] and pressure buildup management via brine extraction
in geological CO, storage [21], among others.

After many decades of research, groundwater quality management models have many bottlenecks
preventing their mainstream use [4]. While groundwater flow management models have advanced
significantly, this is not the case for existing S/O approaches based on solute transport models.
Practitioners are facing major challenges to turn their existing groundwater quality models, whose
complexity increases over time, into effective water resources management tools. Indeed, even with
the affordability of state-of-the-art computational resources, rigorous optimization workflows are
prohibitively expensive. Mathematical groundwater quality management based on solute transport
models requires a large number of forward iterations before finding an optimal, or near-optimal, solution.
This issue is critical as there is clearly a recent shift towards global optimization methods requiring a
lengthy iterative process [4,6-8,10,11,22]. Model complexity relates to the problem dimension, the size
of the discrete problem, the total number of injection and pumping wells, the strength of the geological
control, and nature of the flow and solute transport processes. As a single S/O iteration performance
depends on model complexity, many alternative solutions have been sought in the past. Replacing
a discrete finite-difference or finite-element model with a simple analytical solution or a cheaper
alternative as the analytical element method are popular examples. These techniques have been used
to prevent seawater intrusion in coastal aquifers [12] and to contain pollution by P&T systems [7].
However, these alternatives rely on many assumptions preventing their general applicability to
real-world problems. In particular, the assessment of the subsurface aquifer heterogeneity impacts on
decision variables cannot be achieved, leading to possibly false optimal designs. It has been shown that
physical and chemical heterogeneities chiefly impact optimal remediation design, costs and cleanup
times [23]. A class of approaches based on surrogates of groundwater models have been the focus of
recent developments [24,25]. The role of a surrogate model in an optimization framework is to drive
the whole process towards the optimal solution, even if the intermediate iterates are not accurate.
Therefore, the overall computational budget of the S/O loop would drop to an acceptable level for
processing complex applications with practical relevance.

There are three broad categories of surrogate models currently developed for the water
resources engineering problems. These belong either to response surface models (or metamodels) [26],
projection-based models [27,28], and physically based low-fidelity models [29,30]. Metamodels are
intensive data-driven techniques because the surrogate model is constructed from many simulations
with the complex model. This database is used to train the surrogate with techniques, such as deep
learning algorithms [19,31]. A recent review [24] critically analyzed the current progress in response to
surface surrogates and concluded that many shortcomings persist against their adoption for practical
groundwater applications. In particular, there are little-developed community skills to validate the
constructed metamodels. In addition, the efforts to construct and train response surface models
may offset their claimed computational savings. Consequently, low-fidelity surrogates are promising
alternatives because they circumvent many limitations of the surface response surrogates [24,25].
Indeed, when qualitatively compared to metamodels, they are less biased to the parametric sampling
methodology. Hence, they are more reliable to search the unexplored regions of the decision variables
space during optimization. Moreover, a physically based surrogate model is a sound alternative
for groundwater modeling practitioners because the underlying principles are easier to explain and
understand. This facilitates their acceptance by practicing engineers, water resources managers
and stakeholders.

Most existing S/O approaches in the literature use simplified groundwater models, such as, those
relying on the two-dimensional Dupuit-Forchhemeir assumption. Frequently, there are no further
assessments of how these assumptions would affect the effectiveness of the optimal design. This is
of high relevance to heterogeneous aquifers with spatially distributed parameters. Simplifying the
realism of these formations may lead to far than optimal solutions for quality management models [32].
The available computational budget often falls short to accomplish the lengthy number of solute
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transport iterates before convergence of the S/O loop. To cope with this fundamental limitation,
this paper introduces a physically based surrogate model to streamline the use of quality management
models for complex aquifer systems. The key idea is to replace the solute transport model with a
grid-based advective travel time model [33]. This method could be considered as a new model reduction
technique, which is explored herein for the first time to the authors” best knowledge. This is mainly
reflected by approximating the transient concentration dynamics with a lumped steady-state travel
time. The purpose of this work is not to compare the merits of the introduced surrogate-based approach
versus metamodels or other alternatives for P&T optimal design, but rather to examine the applicability
of this approach to this class of problems and develop guidelines for its appropriate formulation.

Previous investigations have demonstrated the importance of considering the well placement in
the framework of an S/O design. For instance, [6] indicated that when considering PT remediation in
heterogeneous aquifers, well placement optimization is more important than optimizing the pumping
rate. In the presented S/O algorithm, well positions are implicit decision variables of the problem.
Avoiding explicit inclusion of well placement constraints into the problem formulation leads to
enhanced robustness when using gradient-based optimization techniques [6,31]. This is because
explicit inclusion of well locations as decision variables produces discontinuous derivatives leading to
convergence difficulties.

In this work, a new formulation of the objective function is proposed. A specific choice is made to
counteract adverse effects of the physical heterogeneity distribution on the P&T system performance.
In heterogeneous porous media, long residence times result from the occurrence of elongated streamlines
possibly connecting badly placed well pairs and/or connected boundary conditions. This is manifest in
early breakthrough and late tailing of the pollutant at pumping wells. The residence time between
all injection-pumping well pairs in the remediation system need to be adjusted by manipulating
the flow filed. Therefore, the objective function was formulated to narrow the streamlines’ length
distribution in the aquifer, as would be the case for an otherwise ideal homogeneous displacement.
To facilitate the analysis, the Lorenz coefficient was used as a metric to rank the dynamic heterogeneity
for several designs.

The following section presents the fundamental concepts of the surrogate based groundwater
quality management model developed in this paper. The different steps of the algorithm implementation
are described. Next, the model is evaluated to predict solutions to one- and two-dimensional
configurations. Then, demonstrative test problems of increasing complexity illustrate the effectiveness
of the developed S/O approach. In particular, the performances of the optimal P&T system design were
systematically validated. This is achieved by a comparative analysis based on two solute transport
simulations implemented with the initial and optimal decision variables, respectively. Prospective
conclusions and recommendations close the paper.

2. Simulation-Optimization Approach

The goal of a solute transport solver in the context of a S/O approach is not to accurately capture the
dynamics of the solute plume, but rather to guide the optimization search towards a descent direction
in the parameters space. For this purpose, this study advocates that a transient solute transport
simulation may not be necessary at all. In this work the use of a simpler steady-state surrogate
model is investigated to efficiently process an S/O loop. An aggressive reduction of the computational
cost favors the development of tools, which are easy to plug in interactive engineering workflows.
Therefore, the complex groundwater flow and solute transport models would be transformed into
more valuable tools guiding water resources quality management.

2.1. Problem Formulation

This study hypothesizes that solute transport dynamics for an optimal P&T system design
involving a heterogeneous aquifer should be as close as possible to a piston-like displacement in an
ideal homogeneous aquifer system. Therefore, a quantitative measure expressing how far a solute
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transport displacement deviates from an ideal displacement needs to be introduced. For this purpose,
the concepts of flow and storage capacity are used to express the objective function of the optimization
problem [34]. This dynamic heterogeneity measure is a generalization of the flow capacity—storage
capacity diagram developed in the reservoir engineering literature [35,36]. This diagram was proposed
for layered porous media with uniform aquifer properties in each model layer. The static measures
of heterogeneity are related to permeability and porosity distributions of the aquifer sediments.
Meanwhile, dynamic measures depend also on the streamlines’ length distribution and the well pattern
geometry [34].

The aquifer storage capacity, ®, is the cumulative pore volume as a function of increasing travel
time 7 [L]:

o0 - [ " p(x(s)) ds M

where ¢ is the aquifer porosity distribution [-] and x(7) represents all streamlines whose total travel
time equal 7. This is equivalent to the volume fraction of all streamlines that breakthrough at time .
The aquifer flow capacity, F is the cumulative flow rate as a function of increasing travel time:

F(7) = j; M ds 2)

S

F(7) represents the fractional flow rate at time 7, which is defined as the fraction of the injected
fluid to that being produced. The difference between the actual flow capacity, F, and that for the ideal
displacement (i.e. when F = ®) gives rise, after normalizing (i.e., dividing ®(7) and F(7) by their
values at infinite time, respectively), to the so-called Lorenz coefficient, L [34]:

1
L(t) =2 fo (E(®) — &) dd @)

The Lorenz coefficient is a quantitative measure of the dynamic heterogeneity in the aquifer
system. It is graphically interpreted as twice the net difference between the integrals of the actual F
() curve and the linear straight-line F = & for ideal tracer displacement as illustrated in Figure 1.
Consequently, F is bounded between zero and one. When L is close to zero, the solute displacement is
considered to be homogeneous or ideal. As L increases, the dynamic aquifer heterogeneity becomes
more pronounced. This coefficient constitutes, therefore, a useful metric upon which to compare and
rank the response of a heterogeneous aquifer to different stresses, well patterns or boundary conditions.

Notably, the ratio d®/dF defines a dimensionless time quantity representing the pore volume
injected in the aquifer and later denoted by PVI. The key idea behind the proposed algorithm in
this paper is to optimize the P&T system design including the flow rates and well placements to
minimize the Lorenz coefficient. By doing so, the streamline length distribution, in the aquifer,
is narrowed to simultaneously prevent the early breakthrough and late tailing of the solute at all
pumping wells. This results in shorter cleanup times and less injected pore volumes in order to
meet a target cleanup concentration. Another merit of this formulation lies in its ability to eliminate
stagnant areas through judicious redistribution of the flow filed to flush the contaminants towards
pumping wells. This behavior is further discussed and demonstrated in some test problems presented
in this paper.

The objective function of the optimization problem is given, therefore, for a total number of N;
injection wells and N, pumping wells as:

Minimize L(h, 7) 4
Subject to:

Y Q=)0 ®)

i€l pepP
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Qrin < Q; < Qe (6)
s; < s 7)

It is noted that the objective function (Equation (4)) depends implicitly on the groundwater head
distribution, h(x) [L]. The first equality constraint imposes an equal total flow rate for injection and
pumping wells, where I and P are the indices sets of injection and pumping wells, respectively given
that Ny = Ny + Np is the total number of wells. The first inequality constraint limits the flow rate of
any well between the prescribed minimal and maximal thresholds. The last inequality constraint states
that the drawdown at well number i, s; [L], is not allowed to exceed a prescribed maximum. For an
injection well, the drawdown is replaced by a water table rise, which should not exceed the prescribed
value. The last constrain may be omitted for confined and leaky aquifers.

1

0 L Il L L
0 0.2 04 0.6 0.8 1

P

Figure 1. Graphical interpretation of the Lorenz coefficient, in the Grey shaded area, as twice the net
difference between the integrals of the non-ideal and ideal F (®) curves for solute front displacement.
The arrow direction indicates the designs with a pronounced adverse effect of the physical heterogeneity.

The evaluation of the objective function requires a numerical solution of a forward problem.
An adjoint state method was used to evaluate the gradient of the objective function with respect to
the travel time and the sensitivity with respect to the flow rates [37]. The forward and backward
problems are described in the next subsections. During a single sweep of the S/O loop, these problems
are solved sequentially.

It is noted that the S/O formulation given by Equations (4)—(7) differs from traditional single
objective P&T management models formulated in the literature [5-11,22]. In previous works,
the objective function was formulated to provide a solution that minimizes the cost function to
clean up the aquifer within the remediation design timeframe. Three types of cost functions have
been devised in the past including (i) the total pumping rate as a proxy for cost; (ii) operational costs
related to energy consumption, water treatment, disposal and labor costs; and (iii) both operational
and capital costs that include well installation and pumping costs [38]. While these formulations are
well founded, they cannot necessarily lead to an optimal solution in terms of additional objectives
such as cleanup performance, cleanup time and reliability. This is because the P&T remediation design
problem belongs to the challenging class of multi-objective optimization problems. The techniques that
implicitly incorporate objectives into the single optimization problem by transforming them into fixed
constraints cannot elucidate the tradeoffs between these possibly conflicting objectives. For instance,
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imposing an additional constraint on the pollutant concentration to fall below a cut-off value in the
aquifer or in some observation points increases the complexity of the problem considerably [38].
By ignoring this constraint, the introduced formulation does not explicitly depend on the pollutant
concentration enabling the use of a physically based surrogate model. While this simultaneously
improves the efficiency and robustness of the S/O problem for P&T remediation design, it inevitably
entails other limitations. For instance, it prevents the applicability of this approach to other classes of
groundwater remediation technologies, such as in situ bioremediation. This is because unlike P&T
systems, bioremediation injection supplies chemical species (i.e., electron acceptors) needed to drive
rate-limited biogeochemical reactions.

In a future version of this continuously evolving S/O framework, the author plans to consider
several cost functions. Meanwhile, it is shown that the model, as formulated above, can still be useful
to provide a first-order estimation of the capital costs.

2.2. The Forward Problem

The surrogate forward model involves a numerical solution of the 3D steady-state groundwater
flow equation and the gridded distribution of travel time(s) in the aquifer. The steady-state groundwater
flow equation for a 3D heterogeneous and anisotropic aquifer is [39]:

V-(K-Vh) 4+ g6(x —Xy) = 0 8)

where V is the del operator; K is the hydraulic conductivity tensor [L T~! [; i(x) is the hydraulic head
[L]; 6 is the Dirac delta function; g, is a source/sink strength term [T~!] prescribed at well coordinates
xw [L]. The groundwater velocity, v, [L T~!] is computed using Darcy’s Law:

v=-KVh 9

Equation (8) is subject to Dirichlet, I'p; Neumann I'y; and Cauchy, I'c, boundary conditions.
We further subdivide the domain boundary, I’, is further subdivided into distinct zones of inflowing,
outflowing and no-flow Neumann boundaries denoted by I';, I'0 and T'y,, respectively.

The steady-state advection transport like equation governing travel time, supplemented with a
Dirichlet boundary condition, is solved next as previously presented by [33]:

+v-VT = @ subject tot = 0 atI;/, (10)

The leading sign in front of the advection term in Equation (10) indicates the flow direction
taken by a moving solute particle. In the forward direction, Equation (10) is applied to inflowing
boundaries, I';, whereas outflowing boundaries, Iy, have to be considered in the opposite direction.
When needed, Equation (10) would be solved twice, with a standard finite difference method, to get the
cell-centered values of the forward and backward travel times on a finite-difference grid. By summing
these two spatial distributions, the cell-centered values of the groundwater residence time distribution
are obtained.

2.3. The Backward Problem

Considering the global vector of solution unknowns x! = (hT, ’L'T), this implicitly depends on the
target values of well rates Q = [Q;]. Next, Equation (4) is rewritten as L(x(Q)) subject to constraints
given by the forward model Equations (8) and (10) such that m(x(Q), Q) = 0. The augmented Lagrange
function for this problem is:

Ly = L(x(Q)) + ATm(x(Q), Q) (11)
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The adjoint form of the above problem is given as:

T T
am JdL
A= 12
(5] 2=5) oz
The linear system of Equation (12) is solved for the Lagrange multipliers, A. The gradient of the
Lagrange function with respect to the well rates is calculated for a feasible state, x, of the system as:
ALy _ L pdm
dQ — dQ dQ
As the objective function depends only on the state variable, x, the first term in the right-hand

side of Equation (13) vanishes.
The forward problem is solved to obtain cell-centered groundwater heads and forward travel

(13)

time as outlined above. Next, the backward problem represented by Equation (12) is solved to get the
sensitivities of the objective function.

One approach to numerically approximate the Jacobian of the adjoint equation is the simpler
finite difference approach for a finite and sufficiently small perturbation ¢ as:

am . m(x+¢e) —m(x) (14)
Ix €

A serious drawback of this approach is that a full forward simulation is necessary to compute
m(x + ¢) for every variable in the design space. Moreover, to choose the value of ¢ leading to accuracy
problems is unclear. Henceforth, a high computational cost is expected when computing the Jacobian
with this approach.

An efficient alternative result comes from adopting techniques borrowed from automatic
differentiation (AD) to numerically compute the sensitivities [40]. AD is a set of techniques that
modify the semantics of a computer program to provide sensitivities of the outputs with respect to
input variations. It relies on the fact that any computer program for evaluating a numerical function
can be regarded as a concatenation of elementary operations whose derivatives are known. Thus,
the derivative of the output can be computed by applying the chain rule to the elemental operations.
This study uses an operator overloading software approach to achieve this goal [40].

2.4. Flow Rate Optimization

A nonlinear interior-point solver was used from the MATLAB® optimization toolbox (i.e.,
the fmincon algorithm) to optimize the well flow rates. This algorithm is designed for sparse large-scale
linear problems. Therefore, it is best suited for problems involving a significant number of injections
and/or production wells. The well rates are constrained not to fall below a prescribed small threshold
(i.e., 0.1% of the upper limit in practice). Note that in the special case of a confined aquifer, a linear
programming algorithm (the linprog driver function) can be used because the hydraulic head is linearly
related to the flow rates. A pumping well cannot be switched to become an injection well and vice-versa.
The S/O loop stops when the residual of the objective function between two successive iterations
becomes smaller than a prescribed tolerance for convergence.

2.5. Well Placement Optimization

An important aspect of a P&T system design for a heterogeneous subsurface aquifer is well
placement. In the developed S/O algorithm, well placement is not an explicit decision variable because
it has been found to be inefficient [6,31]. When the shape and extent of the initial solute transport
plume are known, its center of mass is a sub-optimal location for a pumping well placement [6].
The optimal location of the injection wells is not so obvious for a heterogeneous formation. Indeed,
considering a homogeneous aquifer system, wells could be reasonably placed close to the plume
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edges. Therefore, this study seeks to optimize the positions of a prescribed number of N; injection
wells. An initial guess is the first step, and then well positions are improved by means of a grid search
similar to the traversal algorithm presented by [41]. Their method consists on adding pseudo-wells,
within a prescribed search radius, with a negligible flow rate close to each candidate injection well.
Next, the objective function gradients of all pseudo-wells are computed and the pseudo-well with
the largest gradient replaces the original well. This procedure is repeated until there is no change
in all well positions. The main advantage of this approach over other alternatives [31] is its ability
to determine new directions for all moving wells in only one forward and adjoint sweep. The well
rates are optimized in each iteration of the well placement search algorithm. Only one well position
is moving at a time to ensure capturing the optimal configuration, although this strategy slightly
increases the number of forward model evaluations.

2.6. Implementation of the Surrogate-based S/O Approach

MATLAB® was used as an integrated computational environment for prototyping, testing and
analyzing the results given by the presented S/O approach. All components of the overall algorithmic
sub-steps were added to an existing toolkit for groundwater data analysis, modeling, visualization
and post-processing [33]. Case studies were designed by using the interactive Live Editor® script
technology enabling, not only mixing of commands and intermediate results in textual/graphical
modes, but also favoring scientific reproducibility. For instance, all the results presented in this paper
were generated inside a single executable notebook designed for each test problem.

Figure 2 is a simplified flowchart diagram of the surrogate-based S/O algorithm developed in this
study. It shows how the different components are organized and tied together. Particularly, it depicts
where the loops for optimizing the well flow rates and their placement, and how they relate, iteratively,
to each other.

3 Well Placement Optimization

Initial state simulations (Eq. 8)

}

2 Target Wells Loop

—*] Add ghost wells in a search radius

}

1 Flow Rate Optimization

1

| I
| I
| |
I
Groundwater flow simulation (Eq. 8) : : : |
l | 1 | Groundwater flow simulation (Eq. 8) | I
I 1 T 1 I
Ghost well selection ! ! . . . ! :

1 1 Travel times simulations (Eq. 10) |
— 1 (I
o : I :
! ! Adjoint simulation (Eq. 12) ! |

‘act 1 1 1
Objective value | X X |
stagnates? | | : | |
| | NLP/LP Interior point solver | |
I ! | I
1 I
1 1
1 1

Figure 2. Simplified flowchart of the surrogate-based simulation-optimization approach introduced
in this paper. The algorithm has three nested levels for: (1) flow rate optimization of a single well;
(2) looping over all target wells; (3) well placement optimization. At each level, major sub-steps of the
algorithm as described in Sections 2.2-2.5 are listed. Solved equation systems at these sub-steps are
indicated when applicable.
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3. Model Evaluation

Two test problems are presented to evaluate the performance of the introduced S/O approach in
this paper. They involve one- and two-dimensional problems on aquifers with two porosity zones.
The simulated results were compared with the expectations derived from simple physical intuition.
The model and numerical parameters used in these problems are listed in Table 1.

Table 1. Model and numerical algorithm parameters used in the test problems for simulation-based
optimization (S/O) evaluation.

Parameter(s) Value(s)
Hydraulic conductivity K 1075 m/s
Porosity @iy 20%
Porosity @pign 40%
Total flow rate Q 100 m3/day
Maximum allowed flow rate Qyax 99 m3/day
Minimum allowed flow rate Q,;;,, 1 m3/day
S/O convergence tolerance tolopt 1%

3.1. Flow Rate Optimization in a Two-zoned One-dimensional Aquifer

To test the well rate optimization component of the S/O algorithm, a 1000-m-long one-dimensional
confined aquifer was considered. The two injection wells, I; and I,, were placed on the left and right
boundaries of the computational domain, respectively. The pumping well, P, is located in the middle at
X =500 m. The total injection flow rate, Q, was initially divided equally between I; and I,. The aquifer
was subdivided into two zones of low and high porosity regions at 20% and 40%, respectively. The high
porosity region spans the space on the left side between I; and P while the remainder corresponds
to the low porosity region. A uniform spatial discretization was considered into 1001 cells along the
X-direction. Note that the cell at the pumping well P has an average porosity of 30 %.

Note that Equation 10 expresses a linear relationship between the porosity and the travel time.
Therefore, it is expected that the forward travel time at the pumping well P of a particle released from
the left at I; is twice that for a particle injected from well I,. This is due to the occurrence of a higher
groundwater velocity on the right side. This is exactly the double of its counterpart on the left side.
Physical intuition suggests an optimal injection flow rate at I; to be twice of that at I, to maintain the
forward and backward travel times equal between the two-aquifer sides. Hence, the optimal flow rate
distribution would be +2Q/3 and +Q/3 for wells I; and I, respectively.

To verify these expectations, the developed S/O model was executed for this test problem. This was
attained in only 15 s CPU time. Figure 3a,b illustrate the asymmetry in the forward and backward
travel time profiles for the initial well design, respectively. Any particle takes 2 days to move from the
right to the pumping well, while moving particles from the left side are twice as slow. On the other
hand, the obtained forward and backward travel time profiles for the optimal flow rates are perfectly
symmetric. The arrival time from all injection wells equals 3 days regardless of the aquifer porosity
contrast in the left and right aquifer zones. This test problem illustrates the success of the introduced 5/O
approach in balancing the travel time between the pumping and injection wells. The simulated optimal
flow rates are 66.75 m3/day and 33.25 m%/day at injection wells I; and I, respectively. Therefore, there
is perfect agreement of the obtained results with suggestions derived from simple physical intuition.
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Figure 3. The results of the one-dimensional test problem: (a) forward and (b) backward travel time

400

distributions for the initial and optimal designs involving flow rate optimization.

3.2. Well Placement Optimization in A Homogeneous Two-dimensional Aquifer
To test the well placement component of the S/O algorithm, a homogeneous two-dimensional
confined aquifer of 1200-m extension was considered along each axis. The porosity is constant

throughout the domain and equals 20%. One pumping well was placed at the domain center and four
injection wells at random positions, but at an equal radial distance from the pumping well. The total

injection flow rate is equally divided among all injectors I; 4. A uniform spatial discretization into 60

cells on each side was considered.
Physical intuition suggests an optimal well placement of the injectors at the domain corners.

Figure 4a shows the calculated moving injection well positions during the intermediate iterations.
The terminations of these well paths are in close agreement with the physical intuition. The optimal
well design was obtained in approximately 57 s CPU time. Figure 4b illustrates the optimization
algorithm success to lower the Lorenz coefficient from a rather high initial value to a smaller one as

indicated by the corresponding F (®) curves.
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Figure 4. The results of the two-dimensional homogeneous aquifer test problem: (a) moving positions of
the injection wells during the S/O iterations. (b) F (®) diagrams for the initial and optimal well positions.

To test the sensitivity of the S/O algorithm versus the initial design, the model with a second set of
initial conditions was executed. Random positions were assigned to the injection wells in each quarter
of the computational domain. The flow rates satisfy the constraint Equation (5), but are not equal.
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The obtained solution was identical to the previous one. Indeed, Figure 5a shows that the iteratively
determined moving well positions are ending up to the domain corners. Figure 5b suggests a much
lower Lorenz coefficient for this second scenario. This is consistent with the fact that all injection wells
are closer to their optimal positions than in the first case.
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Figure 5. The results of the two-dimensional homogeneous aquifer test problem with random initial
design parameters: (a) moving positions of the injection wells during the S/O iterations; (b) F (P)
diagrams for the initial and optimal well positions.

4. Results and Discussion

4.1. Well Rate and Placement Optimization in A Two-dimensional Heterogeneous Aquifer

A two-dimensional model of a heterogeneous confined aquifer was considered where an optimal
P&T well configuration design was south. The aim is to optimize the locations of the injection wells and
their rates to maximize the resident concentration breakthrough at the pumping well. The hydraulic
conductivity distribution of this aquifer spans more than four orders of magnitudes ranging between
6 x 107> m/s and 4 x 10~ m/s as shown in Figure 6a. The domain has a grid resolution of 60 cells
on each side with a uniform spatial discretization at 20 m spacing along each direction. Figure 6b
displays the correlated porosity distribution on the same grid showing values up to 38.5%. In Figure 6a,
the initial position of the four injection wells, I;, . 4, and the pumping well, P, at the domain center are
equally plotted. These wells form a closed loop injection-pumping system to study the feasibility of a
P&T project. One pore volume (PV) of the aquifer was injected each five years corresponding to a total
injection flow rate of 54.6 m3/h. One percent hydraulic gradient was assumed from the left to the right
fixed head boundaries representing the background groundwater flow. This problem is challenging
for prediction from simple physical intuition. First, it is unclear how to partition the total flow rate
between the four injection wells because the flow paths connecting each injector with the producer are
tortuous and are mainly attracted by the most permeable pathways. Second, the initial well placement
is clearly unfavorable to pollutant recovery from less permeable zones where solute transport cleanup
would require long times. Therefore, an optimal design needs to consider the optimization of injection
wells placement and their flow rates simultaneously.

The overall computational effort needed does not exceed 149 s, which represents a fraction of the
CPU time spent for a single transient solute transport modeling simulation. Figures 6b and 7b show
the optimal injection wells positions as determined by the optimization search algorithm.
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Figure 6. Distributions of (a) the hydraulic conductivity in Logjg scale and (b) the effective porosity for
the two-dimensional heterogeneous aquifer. (a) Initial and (b) optimal positions of the injection wells
are also shown.
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Figure 7. Simulated distributions of the residence time, in Logy¢ scale, for the (a) initial and (b) optimal
well designs in the two-dimensional heterogeneous aquifer. Initial and optimal positions of the wells
are also shown in the corresponding figures.

The Lorenz coefficient for the initial design was equal to 0.79, characterizing a very heterogeneous

pollutant transport mode. L decreases for the optimal design up to 0.18 associated with a nearly
homogeneous displacement mode of the solute.

Figure 7a shows the residence time distribution in logj( scale highlighting the poor pollutant

recovery in many areas of the domain using the initial well design. This is typically the case close
to domain boundaries. Figure 7b indicates an important improvement by more than two orders of
magnitude in such areas when adopting the optimal well design. The latter divides the total injection
flow rate following the ratios of 25.17% for I, 27.81% for I, 17.88% for I3 and 29.14% for 1. Hence,
the major change in allocating the injection flow rates consists of increasing that of I in favor of

I.

In short, this test problem illustrates the secondary importance of well rate optimization in a

heterogeneous aquifer relative to well placement.
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The key differences between the initial and optimal P&T designs are better understood, analyzed
and appreciated by plotting the capture zones around the injection wells [29]. Figure 8a shows that I,
would drive polluted waters into distant areas, such as in the upper and lower left corner of the domain,
before their attraction by the pumping well. This explains why travel times for the initial P&T system
design are the highest in these zones. It can also be noted that the capture zones associated to I4 and I
are restricted to their immediate neighborhoods. By relocating the injection wells and reallocating
their flow rates according to the developed S/O algorithm, the newly obtained well capture zones as
shown in Figure 8b favor pollutant displacement along the shortest possible flow paths. A striking
observation is the regularity of the connection pathways between all injection and pumping wells for
the optimal design despite the physical heterogeneity of the porous medium. This indicates that the
flow paths and travel times are shorter in this case. The well capture zones for the optimal P&T system
design are very close to what is expected for an otherwise homogeneous aquifer system. This behavior
is interpreted as a decrease of the physical heterogeneity control when moving from the initial to the
optimal P&T system design.

1200 1200
4
1000 1000 13
L ]
800 800
E 600 E 600
> >
400 400
200 200
12
0 : 0 .
0 200 400 600 800 1000 1200 0 200 400 600 800 1000 1200
X (m) X (m)
(a) (b)

Figure 8. Injection wells capture zones for the (a) initial and (b) optimal well designs in the
two-dimensional heterogeneous aquifer.

To verify the effectiveness of our S5/O algorithm for this test problem, two transient solute transport
simulations were conducted for post-verification. They correspond to the initial and the optimal
system designs, respectively. A standard finite difference spatial discretization approach was adopted
in this study [33,39,42]. It assumed a uniform unit initial resident concentration throughout the domain
and a pristine state of reinjected waters. The longitudinal and transverse dispersivities are taken
equal to 50 m, respectively. The molecular diffusion coefficient equals 10~ m?/s. Each simulation
lasts for a total period of 70 years corresponding to 14 reinjected PVs. Figure 9 displays the spatial
distribution of the resident concentration after a period of 20 years for these two situations. In the
first case, the P&T system does not succeed to drive the concentration below the drinking water
standards nor to contain the pollution. The plume is removed only in the proximity of the injection
wells. This configuration needs considerably longer cleanup times to attract pollution from other areas.
The optimal design is more effective to contain the plume at this time level as depicted in Figure 9b.
The concentration in a large portion of the aquifer volume is below the drinking water standards.
In other areas, the plume is contained because it spreads locally over smaller volumes in the northern
and southern domain regions.
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Figure 9. Solute transport modeling results verifying the effectiveness of the optimal pump-and-treat
(P&T) well design in the two-dimensional heterogeneous aquifer. Solute concentration distributions,
after 20 years of site cleanup, for the (a) initial and (b) optimal P&T designs.

It is noted that a single solve of the advection-dispersion equation (ADE) for this problem, until 70
years, takes approximately 445 s CPU time. The whole surrogate-based S/O model is, therefore, three
times faster than a single ADE simulation. Notice that this comparison is highly biased because the
S/O computer code uses an interpreted language (i.e., MATLAB®) while the solute transport simulator
is a highly optimized Fortran based code. Hence, implementing the S/O code in a high-level computer
language would further improve this observed speedup. The same remark also applies to all test
problems discussed in this paper.

The relative efficiency of the optimal design is confirmed by plotting the ratio of the net difference
between the initial and time dependent concentration for the optimal and initial designs against the
injected PV as depicted in Figure 10. The system efficiency increases rapidly at early times. It is
maximal at 2.5 injected PVs, that is, after 12.5 years of injection before declining at a rather slow rate.
This graph shows also the decline rates of the mean resident concentration on the aquifer. The initial
design does not recover the overall resident concentration, even after a long cleanup time. The optimal
design succeeds to recover 95% of the total mass after injecting 4.8 PVs. The remaining fraction is
contained, however, in a small aquifer area.

The breakthrough concentration curves (BTC’s) at the pumping well station, shown in Figure 11,
confirm the previous conclusions. This graph shows that the recovered concentration for the optimal
design is much higher when the injected PV is below the critical point at 4.8. Notably, the BTC for
the initial design is associated with a long tailing effect indicating the need for a considerably longer
cleanup time.
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Figure 10. Evolution of the resident mean concentration and the P&T system efficiency versus injected

pore volumes for the initial and optimal P&T designs in the two-dimensional heterogeneous aquifer.
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Figure 11. Breakthrough curves at the pumping well for the P&T initial and optimal designs in the

two-dimensional heterogeneous aquifer.

4.2. Well Rate and Placement Optimization in A Three-dimensional Heterogeneous Aquifer

A three-dimensional geological model is considered as a more challenging test problem.
The hydraulic conductivity and effective porosity distributions in this aquifer are shown in Figure 12.
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The grid has similar horizontal size and extents to the previously discussed two-dimensional test
problem. The total injection flow rate is also similar to that retained in the previous example. The model
comprises 20 layers with uniform and equal unit thickness along the vertical direction. Therefore,
the grid comprises 72,000 active cells. A conventional S/O approach based on a transient solute
transport model is practically infeasible, for this test problem, within the available computational

budget in conventional hardware.

1000
1000

500
500

005 01 01527 025 03 035 04

(b)

Figure 12. Distributions of (a) the hydraulic conductivity in Logj( scale and (b) the effective porosity
for the three-dimensional heterogeneous aquifer. The geological model comprises 20 layers with Im

resolution along the vertical direction.

The S/O approach, by using the travel time-based surrogate transport model, converged to the
optimal well design in less than 2h CPU time, which is much less than a single run of a transient solute
transport model for the same problem. Figure 13a shows the residence time distribution in logy scale,
for the initial design, indicating potential aquifer zones from where pollution recovery would take
very long-time scales. These areas spread laterally but also along localized positions along the aquifer
depth. This is a special phenomenon mostly occurring in three-dimensional heterogeneous media,

which is known as bypassing.

(a) (b)

Figure 13. Simulated distributions of the residence time, in Logg scale, for the (a) initial and (b) optimal

well designs in the three-dimensional heterogeneous aquifer.

In the context of a P&T remediation, this phenomenon occurs in areas that do not belong to any
injection well capture zone as indicated in Figure 14a (area with light grey color). Bypassing causes,
very often, a marked decrease in the performances of a P&T system. Figure 13b shows that the optimal
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design significantly decreases residence times of injected waters almost everywhere in the aquifer. Asa
direct consequence, aquifer pore volume bypassing is restricted to a much smaller zone as depicted in
Figure 14b. Similar to the previous test cases, the S/O algorithm succeeds to readjust the shape, volume
and partitioning of injection well capture zones to meet the optimization targets.

500

Y (m) 0 o X (m) Y (m) 0 o X (m)

(a) (b)

Figure 14. Injection well positions, plotted in white lines, and their capture zones for the (a) initial and
(b) optimal P&T designs in the three-dimensional heterogeneous aquifer.

Figure 14 shows that an optimal choice for the four injection well locations does not necessarily
coincide with the traditionally adopted five-spot well pattern. While the latter could be chosen
reasonably as a sub-optimal configuration for two-dimensional heterogeneous aquifers as demonstrated
in the previous test problem, this is not the case for three-dimensional aquifer systems. This study
interprets this because of the fundamental nature of streamlines and their topology in real
three-dimensional aquifers. In two-dimensional aquifers, groundwater flow streamlines are only
influenced by stretching and folding. In real space, twisting and intertwining of streamlines are
additional mechanisms influencing their topology [43]. These mechanisms strongly influence the
optimal injection well positions resulting in the shortest possible flow paths traveling through the
entire domain. Due to the simpler groundwater flow topology in two-dimensional aquifer systems,
the five-spot well pattern is a near-optimal configuration. In three-dimensional systems, the deviations
to this configuration are expected as the heterogeneity and anisotropy levels of the aquifer increase.

The total injection flow rate is optimally divided among the wells following the ratios of 3.6% for
I, 45.1% for I, 15.7% for I3 and 35.6% for I;. Hence, the major change in allocating the injection flow
rates consists of increasing those of I, and 14 in favor of I; and I5.

Additionally, in this case, the algorithm was able to implicitly determine an optimal number of
three injection wells for P&T remediation. Indeed, the pore volume and the spatial extent of the capture
zone belonging to the first injector (i.e., I1) are negligible compared to others. In addition, the optimal
flow rate determined for I; represents less than 4% of the total flow rate. Therefore, in practice, this well
is taken out from the optimal design and its flow rate is equally divided among other injection wells.
Hence, although the S5/O approach presented in this paper does not explicitly optimize the capital costs,
they can be indirectly estimated through the selection of the optimum number of wells. Therefore,
the introduced model could be used as a fast, but first-order approximation method to estimate project
related capital costs for P&T groundwater remediation.

It is also instructive to compare the performances of P&T remediation designs for two- and
three-dimensional systems as simplified two-dimensional settings are very often used in the literature.
This results from computational limitations of the traditional S/O approaches relying on an explicit
ADE model. In the following, these analyses are presented with derived proxies emulating the early
and late times behavior of each P&T remediation design.
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Early time behavior is best illustrated by plotting the curve of (1-F) versus PVI = d®/dF which is
the dimensionless pore volume injected in the aquifer. This is particularly useful to track the onset time
of solute breakthrough, that is, when (1-F) just drops below 1 as illustrated in Figure 15. This graph can
be used as a proxy to compare early time behavior of many P&T remediation strategies for the same
site, or alternatively compare the same remediation design for different conceptual models. As stated
previously, a small onset time of breakthrough is a sign of high dynamic heterogeneity of the system.
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Figure 15. The fractional recovery proxy plots illustrating the early time behavior of the initial

and optimal P&T remediation designs for the heterogeneous (a) two- and (b) three-dimensional
test problems.

Figure 15 shows the fractional recovery plots for the heterogeneous two- and three-dimensional
problems, respectively. For each problem, these curves are given for the initial and optimal well
placements. It can be concluded that, as expected, the onset of solute transport breakthrough
increases for the optimal P&T designs, although this is markedly more important in the case of the
two-dimensional case study. This onset time is generally problem dimension dependent as illustrated
here. In three-dimensional space, the probability that a few streamlines breakthrough much faster than
the others is likely higher than in two-dimensional space for the same physical heterogeneity structure.
Hence, two-dimensional models tend to be more optimistic on the performance of a P&T remediation
design when used by any S/O approach because they underestimate the dynamic heterogeneity of the
system, as it would be in 3D space.

Similarly, late time behavior could be diagnosed by plotting the sweep efficiency proxy plotting
the volumetric sweep efficiency, E,, versus the dimensionless pore volume injected in the aquifer. E; is
the fraction of resident fluid that is displaced by the injection forces which is shown to be expressed as:

E,=(1-F)PVI+® (15)

At a given time, it represents the sum of the volume of drained flow paths (i.e., ®) and the
volume of flow paths being drained (i.e., (1 — F)PVI). It is a measure of the P&T remediation design
efficiency in terms of reinjected water volumes or cleanup time as previously discussed for the third test
problem. Figure 16 shows these diagrams for the heterogeneous two- and three-dimensional problems,
respectively. For each problem, these curves are given for the initial and optimal well placements.
This study observed that, as expected, the optimal well placement improves the P&T system efficiency
significantly in all cases. For the two-dimensional problem, Figure 16a indicates that, when using
the optimal well design, the injection of 10 PVI will produce all the fluids in place. This correlates
well with the results obtained from an ADE-based model to check the efficiency of the optimal P&T
remediation design for the same problem, as discussed previously. Figure 16b shows that the efficiency

rate of the optimal P&T remediation design for the three-dimensional problem is slower than that for
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the two-dimensional one. This correlates well with the stronger dynamic heterogeneity in the first case,
as discussed earlier, and indicates the occurrence of many stagnant regions in 3D space. However, P&T
might not be an appropriate remediation technology for sites presenting a high volume of such zones
because mass transport in these areas is expected to be dominated by molecular diffusion. Hence,
cleanup times are expected to be much longer. The merit of the introduced S/O approach is to timely
predict this behavior when considering a large-scale geological model.
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Figure 16. The sweep efficiency proxy plots illustrating the late time behavior of the initial and optimal
P&T remediation designs for the heterogeneous (a) two- and (b) three-dimensional test problems.

Here again, two-dimensional models tend to be more optimistic on the performance of a
P&T remediation design because they overestimate the system sweep efficiency and consequently
underestimate the cleanup time.

The Lorenz coefficient, hence the objective function, could be easily modified to account for the
pollutant plume shape and concentration strength. For instance, to account for the concentration
distribution, Cy, taken as initial condition prior to a S/O the objective function becomes:

1
L(t) :2[0 (F(®) — D)Co dP (16)

This concentration-weighted objective function ensures that the above benefits of the proposed
formulation applies only to model cells where the pollutant plume exists. This has not been taken in
the provided examples because Cy was taken equal to unity.

The weighting of the objective function as shown in Equation (16) could be easily expanded to
account for other concentration-dependent measures and their cost functions.

5. Conclusions

This study introduces and evaluates a new surrogate-assisted simulation-optimization (5/O)
formulation for groundwater remediation design. This proposed S/O model is highly efficient and
readily applicable to complex three-dimensional groundwater problems bypassing the need to introduce
further model assumptions. The following general conclusions can be drawn from this work.

1. The travel time-based surrogate model provided a cheap and adequate tool to streamline the
computationally demanding simulation-optimization approach for groundwater quality models.

2. Owing to the stationarity of the surrogate model, computational savings are enormous.
Large three-dimensional models as encountered in practice are processed timely in
conventional hardware.
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3. The objective function formulation based on minimizing the Lorenz coefficient has been found
effective to rank the relative efficiency of many remediation policies. The automatic differentiation
method used to evaluate the objective function sensitivities contributes to the overall efficiency of
the S/O model.

4.  This study found that well placement optimization in heterogeneous porous media is more
important than well rate optimization in P&T remediation design. While this finding confirms
previously published research, the merit of this work is to bring novel graphical interpretation
tools facilitating the understanding of the underlying processes.

5. When used in a S/O framework, two-dimensional models are optimistic on optimal P&T system
performances. In general, they overestimate the delay in breakthrough at pumping wells and
underestimate the cleanup time. Hence, three-dimensional models are a necessity rather than
a luxury.

6.  Evenif the project costs are not explicit components of the objective function, the introduced model
could be used as a first-order approximation to estimate pump-and-treat capital remediation costs.

However, further developments and field scale-based assessments are needed to relax the
limitations of the 5/O model to solve problems that are more complex. The next challenge is how to
appropriately set up a surrogate model that takes into account chemical and mineral heterogeneities and
assess their impacts on remediation design. New global optimization algorithms would increase the S5/O
model robustness and ascertain that a globally optimal solution has been found. Finally, yet importantly,
a user-friendly software package can enhance the model applicability for a wide audience.

The presented approach could serve as a basis to solve similar or even more complex real-world
problems in geosciences, such as water allocation, geothermal heat pumps and artificial recharge
management, etc., by reformulating the objective function(s), decision variables and constraints.

Funding: The French Research Agency (ANR) funded this research; grant number ERA-16-MEDA in the
framework of MEDAQCLIM project (ERANET-MED 7th European Commission program).

Acknowledgments: We acknowledge the constructive comments issued by three anonymous reviewers leading
to considerable improvements of the present work.

Conflicts of Interest: The author declares no conflict of interest.

References

1.  Gorelick, SM. A review of distributed parameter groundwater management modeling methods.
Water Resour. Res. 1983, 19, 305-319. [CrossRef]

2. Wagner, B.J. Recent advances in simulation-optimization groundwater management modeling. Rev. Geophys.
1995, 33, 1021-1028. [CrossRef]

3. Zheng, C.; Bennett, G.D. Applied Contaminant Transport Modeling, 2nd ed.; Wiley: New York, NY, USA, 2002;
pp. 494-528.

4. Gorelick, S.M.; Zheng, C. Global change and the groundwater management challenge. Water Resour. Res.
2015, 51, 3031-3051. [CrossRef]

5. McKinney, D.C.; Lin, M.D. Pump-and-Treat Ground-Water Remediation System Optimization. J. Water
Resour. Plan. Manag. 1996, 122, 128-136. [CrossRef]

6. Huang, C; Mayer, A.S. Pump-and-treat optimization using well locations and pumping rates as decision
variables. Water Resour. Res. 1997, 33, 1001-1012. [CrossRef]

7. Matott, L.S.; Rabideau, A.].; Craig, J.R. Pump-and-treat optimization using analytic element method flow
models. Adv. Water Resour. 2006, 29, 760-775. [CrossRef]

8.  Mategaonkar, M.; Eldho, T.I. Groundwater remediation optimization using a point collocation method and
particle swarm optimization. Environ. Model. Softw. 2012, 32, 37—-48. [CrossRef]

9.  Piscopo, A.N.; Kasprzyk, ].R.; Neupauer, R M. An iterative approach to multi-objective engineering design:
Optimization of engineered injection and extraction for enhanced groundwater remediation. Environ. Model.
Softw. 2015, 69, 253-261. [CrossRef]


http://dx.doi.org/10.1029/WR019i002p00305
http://dx.doi.org/10.1029/95RG00394
http://dx.doi.org/10.1002/2014WR016825
http://dx.doi.org/10.1061/(ASCE)0733-9496(1996)122:2(128)
http://dx.doi.org/10.1029/97WR00366
http://dx.doi.org/10.1016/j.advwatres.2005.07.009
http://dx.doi.org/10.1016/j.envsoft.2012.01.003
http://dx.doi.org/10.1016/j.envsoft.2014.08.030

Water 2019, 11, 2233 21 of 22

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

Chang, L.C.; Chu, H.J.; Hsiao, C.T. Optimal planning of a dynamic pump-treat-inject groundwater remediation
system. |. Hydrol. 2007, 342, 295-304. [CrossRef]

Guan, J.; Aral, M.M. Optimal remediation with well locations and pumping rates selected as continuous
decision variables. J. Hydrol. 1999, 221, 20-42. [CrossRef]

Cheng, A.H.D.; Halhal, D.; Naji, A.; Ouazar, D. Pumping optimization in saltwater-intruded coastal aquifers.
Water Resour. Res. 2000, 36, 2155-2165. [CrossRef]

Bhattacharjya, RK.; Datta, B. Optimal Management of Coastal Aquifers Using Linked Simulation
Optimization Approach. Water Resour. Manag. 2005, 19, 295-320. [CrossRef]

Sreekanth, J.; Datta, B. Review: Simulation-optimization models for the management and monitoring of
coastal aquifers. Hydrogeol. |. 2015, 23, 1155-1166. [CrossRef]

Jenkins, M.W.; Lund, J.R.; Howitt, R.E.; Draper, A.J.; Msangi, S.M.; Tanaka, S.K.; Ritzema, R.S.; Marques, G.F.
Optimization of California’s Water Supply System: Results and Insights. . Water Resour. Plan. Manag. 2004,
130, 271-280. [CrossRef]

Bau, D.A. Planning of Groundwater Supply Systems Subject to Uncertainty Using Stochastic Flow Reduced
Models and Multi-Objective Evolutionary Optimization. Water Resour. Manag. 2012, 26, 2513-2536.
[CrossRef]

Gorelick, S.M.; Evans, B.; Remson, I. Identifying sources of groundwater pollution: An optimization approach.
Water Resour. Res. 1983, 19, 779-790. [CrossRef]

Gorelick, S.M. A model for managing sources of groundwater pollution. Water Resour. Res. 1982, 18, 773-781.
[CrossRef]

Ak, S.; Kok, M.V,; Uraz, I. Optimization of well placement geothermal reservoirs using artificial intelligence.
Comput. Geosci. 2010, 36, 776-785. [CrossRef]

Chen, M.; Tompson, A.F.B.; Mellors, R].; Abdalla, O. An efficient optimization of well placement and control
for a geothermal prospect under geological uncertainty. Appl. Energy 2015, 137, 352-363. [CrossRef]
Gonzalez-Nicolas, A.; Cihan, A.; Petrusak, R.; Zhou, Q.; Trautz, R.; Riestenberg, D.; Birkholzer, ].T. Pressure
management via brine extraction in geological CO, storage: Adaptive optimization strategies under poorly
characterized reservoir conditions. Int. J. Greenh. Gas Control 2019, 83, 176-185. [CrossRef]

Finsterle, S. Demonstration of optimization techniques for groundwater plume remediation using iTOUGH2.
Environ. Model. Softw. 2006, 21, 665-680. [CrossRef]

Aksoy, A.; Culver, T.B. Impacts of Physical and Chemical Heterogeneities on Aquifer Remediation Design.
J. Water Resour. Plan. Manag. 2004, 130, 311-320. [CrossRef]

Razavi, S.; Tolson, B.A.; Burn, D.H. Review of surrogate modeling in water resources. Water Resour. Res.
2012, 48, W07401. [CrossRef]

Asher, M.].; Croke, BEW.,; Jakeman, A.].; Peeters, L.].M. A review of surrogate models and their application
to groundwater modeling. Water Resour. Res. 2015, 51, 5957-5973. [CrossRef]

Regis, R.G.; Shoemaker, C.A. A quasi-multistart framework for global optimization of expensive functions
using response surface models. |. Glob. Optim. 2012, 56, 1719-1753. [CrossRef]

Vermeulen, PT.M.; Heemink, A.W.; Stroet, C.B.M.T. Reduced models for linear groundwater flow models
using empirical orthogonal functions. Adv. Water Resour. 2004, 27, 57-69. [CrossRef]

Cardoso, M.A.; Durlofsky, L.J.; Sarma, P. Development and application of reduced-order modeling procedures
for subsurface flow simulation. Int. J. Numer. Methods Eng. 2009, 77, 1322-1350. [CrossRef]

Jenny, P; Lee, S.; Tchelepi, H. Multiscale finite-volume method for elliptic problems in subsurface flow
simulation. J. Comput. Phys. 2003, 187, 47-67. [CrossRef]

Efendiev, Y.; Hou, T. Multiscale finite element methods for porous media flows and their applications.
Appl. Numer. Math. 2007, 57, 577-596. [CrossRef]

Ayvaz, M.T,; Karahan, H. A simulation/optimization model for the identification of unknown groundwater
well locations and pumping rates. J. Hydrol. 2008, 357, 76-92. [CrossRef]

Farthing, M.W.; Fowler, K.R.; Fu, X.; Davis, A.; Miller, C.T. Effects of model resolution on optimal design of
subsurface flow and transport problems. Adv. Water Resour. 2012, 38, 27-37. [CrossRef]

Sbai, M.A. A Practical Grid-Based Alternative Method to Advective Particle Tracking. Groundwater 2018, 56,
881-892. [CrossRef] [PubMed]


http://dx.doi.org/10.1016/j.jhydrol.2007.05.030
http://dx.doi.org/10.1016/S0022-1694(99)00079-7
http://dx.doi.org/10.1029/2000WR900149
http://dx.doi.org/10.1007/s11269-005-3180-9
http://dx.doi.org/10.1007/s10040-015-1272-z
http://dx.doi.org/10.1061/(ASCE)0733-9496(2004)130:4(271)
http://dx.doi.org/10.1007/s11269-012-0030-4
http://dx.doi.org/10.1029/WR019i003p00779
http://dx.doi.org/10.1029/WR018i004p00773
http://dx.doi.org/10.1016/j.cageo.2009.11.006
http://dx.doi.org/10.1016/j.apenergy.2014.10.036
http://dx.doi.org/10.1016/j.ijggc.2019.02.009
http://dx.doi.org/10.1016/j.envsoft.2004.11.012
http://dx.doi.org/10.1061/(ASCE)0733-9496(2004)130:4(311)
http://dx.doi.org/10.1029/2011WR011527
http://dx.doi.org/10.1002/2015WR016967
http://dx.doi.org/10.1007/s10898-012-9940-1
http://dx.doi.org/10.1016/j.advwatres.2003.09.008
http://dx.doi.org/10.1002/nme.2453
http://dx.doi.org/10.1016/S0021-9991(03)00075-5
http://dx.doi.org/10.1016/j.apnum.2006.07.009
http://dx.doi.org/10.1016/j.jhydrol.2008.05.003
http://dx.doi.org/10.1016/j.advwatres.2011.12.002
http://dx.doi.org/10.1111/gwat.12646
http://www.ncbi.nlm.nih.gov/pubmed/29468671

Water 2019, 11, 2233 22 of 22

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

Shook, G.M.; Mitchell, K.M. A Robust Measure of Heterogeneity for Ranking Earth Models: The F PHI Curve
and Dynamic Lorenz Coefficient. In Proceedings of the SPE Annual Technical Conference and Exhibition,
New Orleans, LA, USA, 4-7 October 2009; SPE: Dallas, LA, USA, 2009.

Stiles, W.E. Use of permeability distribution in waterflood calculations. Trans. AIME 1949, 186, 9-13.

Lake, L.W. Enhanced Oil Recovery; Prentice-Hall: Upper Saddle River, NJ, USA, 1989.

Sun, N.-Z. Inverse Problems in Groundwater Modeling, 2nd ed.; Springer: Dordrecht, The Netherlands, 1999;
pp. 103-140.

Mayer, A.S.; Kelley, C.T.; Miller, C.T. Optimal design for problems involving flow and transport phenomena
in subsurface systems. Adv. Water Resour. 2002, 29, 760-775. [CrossRef]

Bear, J.; Cheng, A.H.D. Modeling Groundwater Flow and Contaminant Transport; Springer: Dordrecht, The
Netherlands, 2010.

Griewank, A.; Walther, A. Evaluating Derivatives: Principles and Techniques of Algorithmic Differentiation, 2nd ed.;
SIAM: Philadelphia, PA, USA, 2008.

Zandvliet, M.; Handels, M.; Van Essen, G.; Brouwer, R.; Jansen, ].D. Adjoint-Based Well-Placement
Optimization under Production Constraints. SPE J. 2008, 13, 392-399. [CrossRef]

Wang, H.E; Anderson, M.P. Introduction to Groundwater Modeling: Finite Difference and Finite Element Methods;
Academic Press: San Diego, CA, USA, 1995.

Chiogna, G.; Rolle, M; Bellin, A.; Cirpka, O.A. Helicity and flow topology in three-dimensional anisotropic
porous media. Adv. Water Resour. 2014, 73, 134-143. [CrossRef]

@ © 2019 by the author. Licensee MDPI, Basel, Switzerland. This article is an open access
@ article distributed under the terms and conditions of the Creative Commons Attribution

(CC BY) license (http://creativecommons.org/licenses/by/4.0/).


http://dx.doi.org/10.1016/S0309-1708(02)00054-4
http://dx.doi.org/10.2118/105797-PA
http://dx.doi.org/10.1016/j.advwatres.2014.06.017
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Simulation-Optimization Approach 
	Problem Formulation 
	The Forward Problem 
	The Backward Problem 
	Flow Rate Optimization 
	Well Placement Optimization 
	Implementation of the Surrogate-based S/O Approach 

	Model Evaluation 
	Flow Rate Optimization in a Two-zoned One-dimensional Aquifer 
	Well Placement Optimization in A Homogeneous Two-dimensional Aquifer 

	Results and Discussion 
	Well Rate and Placement Optimization in A Two-dimensional Heterogeneous Aquifer 
	Well Rate and Placement Optimization in A Three-dimensional Heterogeneous Aquifer 

	Conclusions 
	References

